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Abstract—This document briefly describes the SLS solver SSA
in the configuration it has been submitted to the SAT Challenge
2012.

I. M AJOR SOLVING TECHNIQUES
The solver SSA is an implementation of the SPARROW [1]
algorithm with some minor enhancements.
II. PARAMETER DESCRIPTION
We basically took the whole parameter setup from the reference SPARROW implementation. Further we slightly adapted
the parameter c3 on 3-SAT instances to 200000, since it seems
that the original setting of 100000 is not optimal on large 3SAT instances.
III. S PECIAL A LGORITHMS , DATA S TRUCTURES AND
F EATURES
We replaced the list data structure used by UBCSAT SPAR [2] to maintain the promising variables by a more
efficient heap. Consequently we got a performance boost on
large 3-SAT instances regarding to the number of flips per
second.
ROW

IV. I MPLEMENTATION DETAIL
The complete solver is completely written from scratch. The
primary goal was the development of an easy applicable and
robust framework to investigate new procedures and explore
different configurations and parameter setups in the future.
The solver is highly modularized and allows an easy exchange
and extension of single components like the variable selection
heuristic or the clause weighting strategy. Still, solving performance is a design criterion - the solver should be competitive
with state-of-the-art SLS solver. As an implementation of
SPARROW , the solver is capable of the follow state-of-theart SLS techniques:
• G 2 WSAT -like [3] greedy search
• PAWS -like [4] clause weighting
• SPARROW -like [1] selection heuristic
V. SAT C HALLENGE 2012 S PECIFICS
Our solver is written in C++11 and was built as a static -O3
64-bit binary by gcc 4.6.2 on a linux machine, running kernel
2.6.32. We submitted our solver to the random track.
VI. AVAILABILITY
The SSA framework together with some documentation can
be found at: http://tools.computational-logic.org.
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